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Introduction: Beyond Build vs. Buy —
Charting a Course for Future-Proof
Enterprise Al

The integration of artificial intelligence is no longer a speculative venture for the forward-thinking
enterprise; it has become a fundamental driver of operational efficiency, innovation, and durable
competitive advantage. As organizations move beyond pilot programs and into scaled production, the
central question has shifted from 7f'they should adopt Al to how they should architect its foundation.
This decision represents a critical juncture with profound implications for cost, agility, and long-term

strategic freedom.

For years, this strategic choice has been framed as a simple, yet flawed, dichotomy: build a custom
solution in-house or buy a pre-packaged platform from a third-party vendor. This traditional "Build vs.
Buy" framework forces a difficult trade-oft. The "Build" path promises unparalleled control and
customization, allowing for the creation of truly unique Al capabilities. However, it demands a
colossal investment in talent, infrastructure, and time, a journey fraught with risk and complexity. The
"Buy" path offers an appealing shortcut, accelerating time-to-value by providing a managed,
off-the-shelf solution. Yet, this convenience often comes at the cost of flexibility, ceding strategic

control to a vendor and risking entrapment within a proprietary "walled garden.”

As the Al landscape matures with breathtaking speed, it has become clear that this binary choice is
inadequate. The market itself signals this inadequacy, with a growing majority of organizations
pursuing a "build-plus-buy” or hybrid strategy, attempting to blend the best of both worlds. While this
hybrid approach is a step in the right direction, the term itself is often too generic. It fails to distinguish
between a chaotic, custom-stitched patchwork of disparate tools and a deliberately architected,

cohesive ecosystem.

This report posits that a superior model has emerged, one that requires a fundamental shift in
perspective: from betting on a single technology 'horse' to investing in the 'racetrack’ itself. This
strategic foundation is the AI Operating System—a foundational software layer that represents a true
paradigm shift. Designed to run within an enterprise’s own secure infrastructure, the AI OS
orchestrates a diverse, best-of-breed toolset, resolving the core tension of the Build vs. Buy dilemma. It
provides the security and control of an in-house build with the speed and managed experience of a
purchased platform. This analysis will deconstruct these competing strategies to provide a definitive

guide for building a future-proof Al foundation.

€ SHAKUDO



Part I: The "Build-It-Yourself" Gauntlet:
The High Cost of Absolute Control

The decision to build a proprietary AI platform from the ground up is often driven by a powerful
strategic impulse: the desire for absolute control and the creation of a deeply entrenched competitive
moat. For organizations where Al is not just a tool but the core of their product offering, this path can

seem like the only way to achieve true differentiation.
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The Siren Song of Unfettered Control

The primary motivation for a "Do-It-Yourself” (DIY) approach is the ability to craft a solution
perfectly tailored to an organization's unique data, workflows, and strategic objectives. This allows for
the development of proprietary algorithms and models that are impossible to replicate with
off-the-shelf tools, creating a sustainable competitive advantage. Furthermore, building in-house
ensures that sensitive data and valuable intellectual property never leave the organization's control, a

critical consideration in regulated industries or for highly confidential applications.

This strategy has been successfully pursued by a select few technology and finance giants with vast
R&D budgets and a deep well of elite engineering talent. Companies like Bloomberg and JPMorgan
Chase, for example, have invested heavily in developing their own large language models (LLMs) and
AT platforms, tailored specifically to their proprietary datasets and complex financial workflows,
yielding impressive and defensible results. However, these success stories represent the exception, not

the rule. For the vast majority of enterprises, the pursuit of absolute control leads down a path of
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immense complexity, staggering costs, and significant strategic risk.
plexity, staggering g g

Deconstructing the DIY AI Platform: An Architectural Blueprint

Building a robust, scalable, and secure enterprise Al platform is a monumental engineering feat, far
more challenging than building traditional data or machine learning platforms. The architecture is a

complex, multi-layered stack where each component presents its own set of profound challenges.

Data Layer

The foundation of any Al system is its data. A DIY platform requires the construction of a
sophisticated data layer capable of ingesting structured and unstructured data from a multitude of
siloed sources—ERDPs, CRMs, IoT sensors, and third-party APIs. This involves building and
maintaining resilient Extract, Transform, Load (ETL) and streaming data pipelines, a process that can
consume up to 80% of a project’s time. Organizations must also implement rigorous data quality
frameworks, governance protocols, and data lineage tracking to ensure that the data feeding the AI
models is accurate, reliable, and trustworthy—a failure to do so renders any resulting Al insight useless.
Finally, this cleansed data must be stored in a scalable and accessible manner, often requiring a
combination of data warehouses, data lakes, and specialized databases that must be integrated and

managed.

Infrastructure and Compute Layer

Modern Al particularly deep learning and LLMs, requires immense computational power. A DIY
approach means an organization must procure, configure, and manage vast clusters of Graphics
Processing Units (GPUs) or other specialized accelerators. This goes far beyond simply racking servers.
It requires designing and implementing high-performance networking, such as RDMA (Remote
Direct Memory Access), to enable the massive, low-latency data exchange required for distributed
training. On top of this hardware, an orchestration layer, typically based on Kubernetes, must be built
and maintained to manage resource allocation, schedule complex training jobs, handle hardware
failures, and abstract the underlying GPU resources for data science teams. This level of infrastructure
management is a core competency of hyperscale cloud providers and is exceedingly difficult and

expensive for a typical enterprise to replicate.
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MLOps and Orchestration Layer

Once the data and compute layers are in place, a sophisticated MLOps (Machine Learning Operations)
framework is needed to manage the entire Al lifecycle. This is not a single tool but a complex system
for workflow orchestration that automates model development, training, validation, deployment, and
monitoring. It must handle versioning for not just code, but also for data and models, to ensure
reproducibility. The system needs to support a diverse range of models, from traditional machine
learning to foundation models like LLMs and Smaller Language Models (SLMs), each with unique
deployment and monitoring requirements. This includes building automated pipelines for continuous
training and fine-tuning, as well as implementing robust monitoring for performance degradation,

data drift, and model bias.

Application and Security Layer

The final layer involves building the actual user-facing AI applications and wrapping the entire
platform in a robust security framework. This includes developing everything from internal
dashboards to customer-facing AI agents. Crucially, it requires implementing comprehensive security
measures, including granular Role-Based Access Control (RBAC) to manage permissions, data
encryption at rest and in transit, and continuous vulnerability scanning. The platform must also be
designed to comply with a complex web of regulations like GDPR and CCPA, which carry significant

financial and reputational penalties for non-compliance.

The Sobering Reality: Quantifying the Challenges

The architectural complexity of a DIY platform translates directly into a series of formidable business

challenges that can derail even well-funded initiatives.
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e Prohibitive Costs: The financial outlay is staggering. Industry analyses estimate the first-year
cost of building a custom AI agent platform to be between $1,000,000 and $2,000,000, with
ongoing annual maintenance costs ranging from $500,000 to $1,000,000 or more. These figures
are driven by significant upfront capital expenditures on hardware—spending on compute and
storage for Al deployments surged by 97% year-over-year in the first half of 2024 alone—as well as
software development and personnel costs.

e The War for Talent: Building and maintaining such a complex system requires an elite,
multidisciplinary team of data scientists, machine learning engineers, infrastructure specialists,
and Al ethicists. These roles are in exceptionally high demand, with Al-related job postings
growing 74% annually. A KPMG survey found that 51% of UK businesses admit they lack the
skilled Al talent needed to execute their strategies, making recruitment and retention a primary
bottleneck for any DIY project.

e The Peril of Shifting Sands: The most insidious risk of the build approach is technological
obsolescence. The Al landscape is evolving at a breakneck pace, with new models, algorithms, and
architectural paradigms emerging constantly. An in-house platform built today is architected
around today's technology. As one analysis aptly puts it, attempting to build a definitive Al
platform now is like trying to build a "beach house on constantly shifting ground". An in-house
team, no matter how skilled, cannot keep pace with the collective innovation of the global
open-source community and the dozens of specialized venture-backed startups. This creates a
high degree of "path dependency,” locking the organization into the technologies and expertise of
its internal team and making it slow and costly to pivot to superior new tools as they emerge.

e Extended Time-to-Value and Opportunity Cost: The timeline for in-house projects is
protracted. Gartner indicates that a typical in-house Al project takes approximately eight months
just to reach production, a figure that doesn't include the preceding months of infrastructure

setup, data pipeline construction, and team assembly. This long development cycle creates a
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massive opportunity cost. Every engineering sprint dedicated to building and maintaining
internal infrastructure is a sprint not spent on improving the core product, shipping

revenue-generating features, or responding to customer needs.

Analysis and Conclusion for Part I

The "Build" path is a high-stakes gambit. It is a viable, and perhaps necessary, strategy for a very small
cohort of global enterprises for whom Al technology is their core product and primary differentiator.
For the vast majority of organizations, however, it is a resource-draining distraction. It diverts immense
financial capital and, more importantly, its scarcest resource—top engineering talent—away from

solving business problems and toward the complex, unending task of infrastructure management.

This is precisely the challenge that an operating system approach is designed to solve. By providing a
managed, pre-integrated, and secure foundation that runs in the organization's own environment, it
abstracts away the formidable infrastructure and DevOps complexity. It frees the internal teams from
the "plumbing" and empowers them to focus their efforts where they generate the most value: building

innovative Al applications that drive the business forward.

Part II: The "Walled Garden" Path:
Trading Flexibility for Off-the-Shelf
Speed

Faced with the daunting complexity of building from scratch, many organizations turn to the
seemingly straightforward alternative: buying a comprehensive, all-in-one platform from a third-party
vendor. This strategy is driven by a compelling value proposition: accelerated time-to-value and the
offloading of infrastructure management. The market has responded to this demand, with a recent
KPMG survey showing that 50% of organizations are now buying or leasing their Generative Al

solutions. As the Al application ecosystem matures, this shift from "build” to "buy” is accelerating.

These integrated platforms, often referred to as "walled gardens,” promise to deliver a cohesive,
end-to-end Al experience. However, this convenience comes with significant strategic trade-ofts, most
notably the risk of vendor lock-in and a loss of architectural flexibility. An examination of two
prominent players in this space, Palantir Technologies and C3.ai, reveals the strengths and critical

weaknesses of this approach.
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Vendor Deep Dive 1: Palantir Technologies (Foundry & AIP)
Profile and Market Position

Palantir has established itself as a dominant force in the enterprise AI market, renowned for its ability
to tackle large-scale data integration challenges in the world's most complex and regulated
environments. With deep roots in the U.S. government, defense, and intelligence communities, its
platforms are battle-tested for mission-critical applications. This market position is reflected in its stock

performance, which has surged on the back of its crucial role in geopolitical conflicts and the broader
Al boom.

Architecture and Strengths

Palantir's core architectural strength lies in its Foundry platform and its central concept, the
Ontology. The Ontology is a semantic layer that maps an organization's disparate data assets—from
databases and spreadsheets to streaming sensor feeds—into a coherent, dynamic digital twin of the
enterprise. This allows users to interact with complex, interconnected data through a unified model,
breaking down data silos and enabling powerful analytical workflows. Layered on top, the Artificial
Intelligence Platform (AIP) allows organizations to deploy and manage Al models, including LLMs,
within this ontological framework.
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The power of this integrated approach is evident in numerous customer success stories. Lowe's, the
g PP

retail giant, created a production-ready supply chain solution in less than four months, a process that
would typically take years. The AARP launched a membership engagement prototype in just 45 days
and Fujitsu realized an impressive $9 million in annual cost reductions within three months of
implementation. These cases demonstrate Palantir’s ability to dramatically accelerate time-to-value for

complex Al initiatives.

The Hidden Cost of the "Black Box"

Despite these successes, a closer look at user experiences reveals a darker side to the Palantir ecosystem.
While executives are often won over by flashy sales pitches and powerful demos, the engineers and data
scientists who must work with the platform daily report significant frustrations. Multiple user reviews
describe the platform as "underwhelming"” for its high price, with proprietary tools like its notebook
interface being cumbersome and restrictive. One engineer lamented that it "manages to piss me oft

daily on a number of levels".

A recurring and damning critique is that the platform is essentially "just Apache Spark wrapped up
with a big vendor lock". This suggests that much of the underlying technology is based on open-source
components, but they are packaged within a proprietary layer that limits access, flexibility, and
interoperability with an organization's existing tech stack. This leads to a situation where teams are
forced to work within Palantir’s constrained environment rather than using industry-standard tools
like Databricks or Snowflake, which many find to be faster and more efficient.

Vendor Lock-in and Technical Debt

This leads to the central strategic risk of the Palantir approach: severe vendor lock-in. Although
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Palantir’s official documentation and whitepapers emphasize an "open architecture” with public APIs
and support for open data formats, the practical reality experienced by many customers is quite
different. The integration process is so deep and requires so much custom code—often implemented
by Palantir's own forward-deployed engineers—that removing the platform becomes a monumental
task.

Users describe it as a "black hole of technical debt” and a "damn sticky” platform that is nearly
impossible to get out of once it's in. This sentiment is echoed in academic research, which characterizes
Palantir's software as moving from a complementary asset to an "obligatory passage point,” creating
enormous exit costs and locking users into a suboptimal setup. This lock-in is not just technical but

also financial and operational, creating a critical dependency that carries significant long-term risk.

Vendor Deep Dive 2: C3.ai (Agentic Al Platform)
Profile and Market Position

C3.ai positions itself as an "Enterprise Al application software company,” focusing on the rapid
delivery of pre-built, industry-specific Saa$ applications. Its go-to-market strategy relies heavily on
strategic partnerships with major cloud providers like AWS and Microsoft Azure, as well as consulting
firms, to win large enterprise deals. While its stock performance has been more volatile than Palantir's,

the company is seeing revenue growth driven by the demand for enterprise Al solutions.

Architecture and Strengths

C3.ai's platform is built upon a proprietary model-driven architecture (MDA) and the C3 Al Type
System. This architecture acts as an abstraction layer, allowing developers to build applications by
defining conceptual models of data and processes rather than writing extensive low-level code. The
company claims this approach dramatically accelerates development and deployment, a sentiment
supported by numerous customer testimonials. For instance, one customer reported taking a
"nine-month process down to two minutes", while another praised the ability to "deliver solutions in
days rather than weeks". C3.ai also emphasizes that its platform is LLM-agnostic and incorporates
features to mitigate common Al risks like data leakage and hallucination by ensuring queries are

resolved against an enterprise's own verified data sources.
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Figure: Model-Driven Architecture Abstracts Underlying Platform Services through a simple Type Systems Interface,
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The Rigidity of Application-Centric AI
The primary drawback of the C3.ai approach is its rigidity. While the MDA may accelerate

development within the C3.ai framework, it also locks the customer into a specific, proprietary way of
building and thinking about Al applications. Independent reviews note that the platform can be
complex and has a steep learning curve for new users. A partner review on Gartner highlights that
while the platform has "great potential,” service and support can be slow, with enhancement requests

going into a "black hole”.

The strategic risk here is a different flavor of lock-in compared to Palantir. It's not just about
infrastructure integration; it's a dependency on C3.ai's entire application development paradigm.
Organizations must adopt C3.ai's specific methods and tools, which may not align with their internal
expertise or broader technology strategy. While the company promotes an "open architecture"” that can
integrate with third-party tools, the core value proposition is tied to its unique, proprietary abstraction
model. This makes it difficult to leverage best-of-breed components that fall outside of C3.ai's
pre-defined framework.

Analysis & Conclusion for Part II

The "Buy” approach, as exemplified by Palantir and C3.ai, presents a compelling solution to the
immediate challenge of deploying AI quickly. It offloads the immense burden of infrastructure
management and provides a structured path to production. However, this speed comes at a high
strategic price. It forces an organization to place a massive bet on a single vendor's technology,

roadmap, pricing model, and architectural philosophy. In a field as dynamic and fast-evolving as Al,
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this is akin to betting on a single horse in a race where new, faster contenders are emerging every day.

The fundamental flaw of these "walled garden" platforms is their monolithic nature in an increasingly
modular world. The modern Al stack is disaggregating into a vibrant ecosystem of specialized,
best-of-breed components—different LLMs for different tasks, a variety of vector databases, and
competing orchestration frameworks. The "Buy" platforms attempt to re-aggregate these components
into a single, proprietary bundle, forcing a one-size-fits-all solution onto a diverse set of problems. This
creates a strategic vulnerability: if a new technology emerges that vastly outperforms a component

within the vendor's platform, the customer is stuck. They cannot easily swap it out.

This is where an operating system approach provides a starkly different and more strategic
alternative. By separating the management and orchestration layer (the OS) from the individual tools,
it embraces the modular reality of the AI market. It allows an enterprise to avoid betting on a single
horse and instead "bet on the racetrack” itself—adopting, integrating, and swapping the best tools

from any vendor, at any time, without being trapped in a proprietary cage.

Part lll: The Paradigm Shift: The Al
Operating System as a Strategic
Enabler

The traditional "Build vs. Buy" framework forces a losing bet. Enterprises are caught between building
their own technology stack—a high-risk gambit—or locking into a vendor's platform, placing a
massive wager on one 'horse’ to win a rapidly evolving race. The AI Operating System breaks this false
dichotomy. It represents the paradigm shift from betting on a single contender to owning the racetrack

itself, creating a new way to architect and deploy enterprise Al

A New Philosophy: The OS for Enterprise Al

An Al Operating System is a foundational software layer that installs and runs directly within an
organization's own secure infrastructure, most commonly its Virtual Private Cloud (VPC). It
functions analogously to a traditional computer operating system like Windows or Linux. Just as a
PC's OS manages the underlying hardware (CPU, memory, storage) and provides a consistent
environment for diverse software applications to run and communicate, an AT OS manages the
complex underlying Al infrastructure (GPU clusters, data storage, networking) and provides a unified

platform for a wide array of Al tools and frameworks to operate seamlessly.
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The core purpose of the AI OS is to automate the overwhelming DevOps and infrastructure
management complexity inherent in a modern Al stack. It handles the "plumbing”—provisioning
resources, configuring networks, managing security, and integrating tools—so that data science and
engineering teams can dedicate their time and expertise to building high-value Al applications, not

managing infrastructure.

The OS in Practice: The Shakudo Architecture

Shakudo provides a concrete implementation of the AI Operating System philosophy, designed to
deliver the benefits of both building and buying while mitigating their respective risks.

Secure and Controlled Environment

A defining feature of the Shakudo OS is that it operates within the customer's own VPC or on-premise
data center. This architectural choice is critical. It means that an organization's data, models, and
intellectual property never leave its secure perimeter. This provides the same level of data security and
control as a fully in-house build, allowing organizations to meet the most stringent industry and

regulatory standards, including SOC 2 Type II compliance and support for air-gapped networks.
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Tool-Agnostic and Future-Proof by Design

Unlike the monolithic "walled garden"” platforms, the Shakudo OS is fundamentally tool-agnostic. It
comes pre-integrated with a curated ecosystem of over 200 of the industry's leading open-source and
commercial Al tools. This allows an organization to adopt a "best-of-breed” strategy, selecting the ideal
tools for each specific task. For example, a team can use Snowflake for data warehousing, PyTorch for a
deep learning project, LangChain for LLM orchestration, and a specialized vector database like
Pinecone for a RAG application.
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Crucially, this architecture is designed to be future-proof. Because the OS is an open and extensible
layer, tools can be easily added, removed, or swapped out as technology evolves, without requiring a
disruptive re-architecture of the entire stack. If a new, superior LLM or vector database emerges, it can
be integrated into the OS and made available to all teams. This embodies the principle of "betting on
the racetrack, not a single horse," ensuring an organization's Al stack never becomes obsolete or locked

into a single vendor's technology.
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Seamless Interoperability

The true power of the OS lies in its ability to make this diverse collection of tools work together as a
cohesive whole. It handles the complex integration work behind the scenes, providing unified single
sign-on (SSO) that integrates with existing enterprise identity providers, shared data access across all
tools, and centralized logging and monitoring. A data scientist can spin up a Jupyter notebook that is
automatically and securely connected to the enterprise data warehouse and a GPU cluster, without any
manual configuration. This seamless interoperability eliminates the integration nightmare that plagues

most ad-hoc hybrid approaches and is the key to unlocking productivity.

Accelerated Time-to-Value

By automating infrastructure management and tool integration, the OS model dramatically shortens
the AI development lifecycle. Customer testimonials for Shakudo validate this, with one healthcare
software provider reporting a reduction in development time from "months and years" to "weeks or
months". In another case, an NBA team was able to develop and deploy four new Al applications in
just two months, a pace that would be unthinkable with a traditional build approach. This
demonstrates that the OS can deliver the speed-to-value of a "Buy" solution without the crippling

strategic trade-off of vendor lock-in.
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Executive Al Workshop Co-Develop Solution Large scale rollout of Al in production
Briefing

Powering the Agentic Frontier: From Foundational Al to Autonomous Workflows

The robust and flexible foundation provided by an AI Operating System is the ideal launchpad for
developing the most advanced and high-value Al applications, including the next frontier of

autonomous Al agents.

Use Case 1: Intelligent Document Processing (IDP)

Enterprises across every industry are inundated with unstructured and semi-structured documents like
invoices, contracts, insurance claims, and patient forms. Manually processing this information is slow,
costly, and prone to human error. A modern IDP solution automates this workflow using a
sophisticated chain of AI technologies.

The process begins with Optical Character Recognition (OCR) to digitize the document. The
extracted text is then processed by an LLM (which could be a large commercial model or a fine-tuned
open-source model like Llama 2) to understand its semantic content and extract key fields. These

extracted entities and their vector embeddings are then stored in a specialized

Vector Database (e.g., Weaviate, Milvus, Chroma) to enable fast semantic search and retrieval. For
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highly complex documents, the relationships between extracted entities can be mapped into a
Knowledge Graph to provide deeper contextual understanding.

An AI OS like Shakudo is perfectly suited to orchestrate this complex pipeline. It can manage the
workflow, seamlessly passing data from an OCR tool to an embedding model running on a GPU, into
the vector database, and finally to a user-facing application for review. This modular approach allows
an organization to assemble a best-of-breed IDP solution. The real-world case of Audi using a
GenAl-powered platform with AWS Textract and LLMs to automate the comparison of 400-page
tender documents demonstrates the immense efficiency gains possible with this architecture, reducing

a process that took 800,000 hours annually.

Use Case 2: AI-Driven Supply Chain Optimization

Supply chain management is another area ripe for Al-driven transformation. Businesses constantly
struggle with demand volatility, inventory management, logistics optimization, and supplier risk. Al is
now considered essential for addressing these challenges. An effective solution requires integrating
real-time data from across the supply chain, running demand forecasting models, using optimization
algorithms to manage inventory and logistics, and performing risk analysis.

The AI OS provides the perfect environment for this. It can orchestrate the ingestion of real-time data
feeds, run predictive analytics models to forecast demand, and feed those predictions into inventory
optimization systems. This enables a level of efficiency and resilience that is impossible with manual
processes. Major companies are already realizing massive benefits: DHL used Al for route optimization
to save 15% in transportation costs, while a partnership with MIT enabled Samsonite to achieve 24%
cost savings and a 25% reduction in its vehicle fleet through Al-driven logistics algorithms. Dell has

likewise leveraged Al to create new business opportunities and capabilities across its supply chain.

The Emergence of AI Agents and Agentic Workflows

The AI Operating System provides the necessary foundation for the next evolution of enterprise
automation: Al agents. These are not simple chatbots or brittle Robotic Process Automation (RPA)
scripts. True Al agents are autonomous systems capable of reasoning, employing chain-of-thought

processes, and taking action to accomplish complex goals.

Shakudo's AgentFlow is a product built on top of its OS that empowers even non-technical business
users to build and deploy these sophisticated agents using natural language instructions. An agent can
be given a high-level task, such as "Analyze our top ten competitors' recent market activities and
summarize their strategic shifts.” The agent, operating within the OS, can then autonomously plan and
execute a series of steps to fulfill this request. It might use a web-scraping tool to gather data, a
text-to-SQL tool to query an internal sales database for performance metrics, a vector database with
RAG to retrieve relevant internal reports, and an LLM to synthesize all the information into a
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coherent summary.
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This level of autonomous orchestration is made possible by the interoperable ecosystem the OS creates.
Protocols like the Model Context Protocol (MCP) and frameworks for agent-to-agent (A2A)
communication allow different specialized agents and tools to collaborate on a single task, all managed
and secured by the underlying OS. This represents a move from simple automation to intelligent,
adaptive workflows that can transform core business processes across functions like risk management,
market intelligence, and operations.

Table 1: Comparative Analysis of Enterprise AI Adoption Strategies
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software, massive
engineering salaries,
and ongoing
maintenance.

licensing/subscription
fees, plus costly
professional services
for integration.
Pricing can be
unpredictable.

Criteria Build (DIY) Buy (Walled Garden Integrate (Al
- Palantir/C3.ai) Operating System -
Shakudo)
Total Cost of Extremely High: High & Opaque: Moderate &
Ownership (TCO) Includes hardware, Significant Transparent: Platform

fee plus usage-based
cloud costs.
Eliminates redundant
DevOps hiring and
reduces hardware
waste.

Speed to Value

Very Slow: 8+ months
to production is
typical, with
significant upfront
setup time.

Fast: Can deploy
solutions in weeks or
a few months,
leveraging pre-built
applications and
managed services.

Very Fast:
Production-ready in
weeks. Automates
DevOps and
infrastructure setup,
enabling immediate
focus on application
building.

Strategic Flexibility
& Customization

Maximum: Complete
control to build any
custom feature or
integrate any
technology.

Low: Confined to the
vendor's proprietary
tools, architecture,
and roadmap.
Difficult to customize
beyond pre-set
capabilities.

High: Full freedom to
choose from 200+
best-of-breed tools
and swap them as
needed. The OS
adapts to the
strategy, not the
other way around.

Vendor Lock-in Risk

Minimal to None: No
external vendor
lock-in. However, this
creates a high risk of
internal 'path
dependency' on
bespoke technology
and talent.

Extremely High: Deep
integration creates
massive technical,
operational, and
financial exit barriers.
Described as a "black
hole".

Minimal: The OS is
tool-agnostic. No
proprietary
codebases. Data and
models remain in
open formats and
can be easily
migrated off the
platform.
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Data Security &
Control

Maximum: Data never
leaves the
organization's
on-premise or private
cloud infrastructure.

Moderate to High:
Data is managed by
the vendor, often in
their cloud. Requires
trusting the vendor's
security posture.

Maximum: OS runs in
the customer's own
VPC or on-premise.
Data never leaves the
enterprise's secure
perimeter.

Internal Talent
Requirement

Extremely High:
Requires a large, elite
team of scarce and
expensive Al
infrastructure and
MLOps engineers.

Low to Moderate:
Offloads most
infrastructure work to
the vendor. Still
requires skilled users
and administrators
for the specific
platform.

Low: Automates
nearly all DevOps and
infrastructure roles.
Allows existing data
scientists and
analysts to be highly
productive without
deep infrastructure
expertise.

Future-Proofing

Low: Platform
becomes rapidly
obsolete as the Al
landscape evolves.
High risk of "path
dependency" on
internal decisions.

Low: Dependent on a
single vendor's ability
and willingness to
keep pace with
market innovation
across the entire
stack.

High: Designed to
embrace change.
New tools and
models can be
integrated into the
OS, ensuring the
stack is always
best-of-breed.

Conclusion: Shifting the Enterprise
Focus from Infrastructure to Innovation

The strategic calculus for enterprise Al has fundamentally changed. The once-dominant "Build vs.

Buy" framework now presents a false and limiting choice. The "Build” path, while offering the allure of

total control, is a resource-intensive gauntlet that, for most organizations, becomes a distraction from

their core mission. It risks immense capital and its most precious talent on the monumental task of

reinventing complex infrastructure that is rapi ecoming a commodity. The "Buy” path offers a
ting pl frastructure that pidly b g dity. The "Buy" path offc

tempting shortcut to functionality but at the strategic cost of flexibility, caging an organization within

a single vendor's proprietary ecosystem and roadmap. This approach is untenable in an industry

defined by explosive, decentralized innovation.
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The AI Operating System resolves this central conflict not as a compromise, but as a superior synthesis.
By providing the foundational 'racetrack’ within an enterprise’s own secure VPC, it delivers the
uncompromising data control of a DIY build. And by allowing any best-of-breed 'horse'—any model,
tool, or framework—to run on that track, it delivers an agility and speed-to-value that no single-vendor

platform can promise. It redefines the terms of the race entirely.

The ultimate competitive advantage in the Al era will not be determined by who has the best single
model or tool, but by who can adapt and integrate new capabilities the fastest. The AI Operating
System is the strategic foundation that enables this agility. It allows an organization to shift its focus
and its most valuable resources—its people—away from the low-level, undifterentiated work of
managing infrastructure and toward the high-level, value-creating work of building transformative Al

applications. It empowers enterprises to stop building the plumbing and start architecting the future.

Accelerate Your Al Journey from
Concept to Production

The path from Al strategy to tangible business value has been shortened from years to weeks. An
operating system approach enables your team to focus on building Al solutions that drive measurable
ROl instead of being held back by DevOps and infrastructure complexity. See the Al operating system

in action and understand how it can transform your organization's approach to innovation.

e Book a Personalized Demo: Schedule a one-on-one session with our experts to see how the

Shakudo AI Operating System can be tailored to your specific use cases and infrastructure.

e Register for a Hands-On AI Workshop: Join our immersive workshop where your team can use
your own data on the Shakudo platform to prototype and validate high-value A solutions,
guided by our team of Al experts.
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https://www.shakudo.io/demo
https://www.shakudo.io/ai-workshop

